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Abstract

FlowCabal is a software focused on Al-assisted writing, specifically designed for
high-quality long-form writing scenarios. The software provides blueprint-style workflow
orchestration, built-in memory files, and agent interaction methods. This article introduces
the software from aspects such as product features, technology selection, software
architecture, interaction design, and specific use cases. The source code of the software is
open-sourced at https://github.com/isirin1131/FlowCabal.
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